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Example:
COVID-19 Analysis Pipeline
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The impact of COVID-19 on relative changes in aggregated mobility
using mobile-phone data
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ABSTRACT

Evaluating relative changes leads to additional insights that would remain hidden
when only evaluating absolute changes. We analyze a dataset describing the mobility
of mobile phones in Austria before, during COVID-19 lock-down measures until
recently.

By applying compositional data analysis we show that formerly hidden informa-
tion becomes available: we see that the elderly population groups increase relative
mobility and that the younger groups, especially on weekends, also do not decrease
their mobility as much as the others.

KEYWORDS
- compositional-data-analysis, mobility, pandemic, big-data, geospatial-data
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Background: The corona crisis hit Austria at the end of February 2020 with one of the first
European superspreading events. In response, the governmental crisis unit commissioned a forecast
consortium with regularly projections of case numbers and demand for hospital beds.

Methods: We consolidated the output of three independent epidemiological models (ranging

from agent-based micro simulation to parsimonious compartmental models) and published weekly
short-term forecasts for the number of confirmed cases as well as estimates and upper bounds for
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Academic Evaluation Campaigns

Text REtrieval Conference (TREC)

The CLEF Initiative

Conference and Labs of the Evaluation Forum
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Computational Learning
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VISCERAL
Anatomy Benchmarks

Whole body labelling in 3D
medical imaging data
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EFvaluation-as-a-Service

Bringing the Algorithms to the Data
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European Data Strategy



Shaping Europe’s digital future

POLICY

A European Strategy for Data

The success of Europe’s digital transformation over the next
five years will depend on establishing effective frameworks
to ensure trustworthy technologies, and to give businesses
the confidence and means to digitise.

The Data Strategy and the White Paper on Artificial Intelligence are the

first pillars of the new digital strategy of the Commission. They all focus
on the need to put people first in developing technology, as well as on

e https://ec.europa.eu/digital-single-
the need to defend and promote European values and rights in how we
design, make and deploy technology in the real economy. ma rket/e n/eu ropea n'StrategV'data



https://ec.europa.eu/digital-single-market/en/european-strategy-data

The economic value of data sharing

€ Data access and reuse can generate social and economic benefits of 1% to 2.5% of GDP™.

€ Thenew measures could increase the annual economic value of data sharing by up to €7-11 billion by 20282,

€ In addition, the new rules will have a wider impact on the EU economy and society as a whole:

ﬁ-)i.@ € 1.3 trillion A

— in increased productivity in -y
manufacturing through
Internet-of-Things data by 2027°

€ 120 billion

of savings per year in the
EU health sector*

https://ec.europa.eu/newsroom/dae/document.cfim?doc id=71186



https://ec.europa.eu/newsroom/dae/document.cfm?doc_id=71186

Health data: Providing better healthcare,

improving personalised treatments, helping cure

rare or chronic diseases.

Environmental
data: Combatting

climate change, reducing
CO, emissions and fighting
emergencies, such as
floods and wildfires.

o

Agricultural
data: Developing

precision farming, new
products in the agri-food
sector or new services

in rural areas.

Mobility data:

Saving more than 27 million
hours of public transport
users’ time and up to

€20 billion a year in labour
costs of car drivers thanks
to real-time navigation®.

Public
administration
data: Delivering better

and more reliable official
statistics, contributing to
evidence-based decisions.

https://ec.europa.eu/newsroom/dae/document.cfm?doc_id=71186
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Ensure that the EU Data Strategy
facilitates data access for science
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